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24 abms

1: conv := [‘winograd’, ‘gemm_asm’, ‘gemm’]

2: matrix := [“sg8x4’, ‘sg8x12’,

3: ‘mla8x4’, ‘mladx24’, ‘mla6x16’]
4: core := [‘big’, ‘little’, ‘big.LITTLE’]

5: ops_list := get_all_kernel_api()

6:Q := # A% Alo =9 T3} 1AL Ul A5
7:R = # Hol, HA HY Ale]= AXLE 9T A
8

: skip_convolution:= On/Off # AIZHS I8t H A3} A=k W
9: function find_best_partition(work_size, c)

10: step := work_size / count(c) / Q

11: min, max := step / R, step * R

12: w := (max - min) / step

13: best := partition_info() # YE|XY AHE A%
14: best_time := +inf

15: for partition € count(c)H, # HZ= F5 %%

16: remove_cache()

17: start_time := measure_time()

18: run_ops(kernel_ops, partition * step, c)
19: if best_time > measure_time() - start_time
20: best = partition

21: return best

22:

23: function tuner_entry_point()

24: for kernel_ops € [ops_list], c € [core]

25: input := get_tensor()

26: work_size := compute_work_size(input, kernel_ops)

27: if is_convolution(kernel_ops) and !skip_convolution
28: for mode € [conv], m € [matrix]

29: best = min(find_best_partition(work_size, c), best)
30: else

31: best = min(find_best_partition(work_size, c), best)
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FE ARrel 7P @ol xeHddth AAIEY
HAss AP , FE AlREol AlexNet oA
84.856ms = °F 30% M HAI, VGG16 A
484.92ms = °F 35% JNAdo] HYyv F7F HEFA
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E 6. AlexNet®] #ojo] ¥ A W3t (F9] :ms)
glo]of Case 1 | Case 2 | Case 3
01 Convolution 21.252 | 13.550 | 11.116
02 Convolution 32.924 | 19.317 | 13.989
03 Convolution 8.306 6.002 6.002
04 Convolution 8.348 6.074 5.362
05 Convolution 7.167 5.137 4.148
06| FullyConnected | 37.449 | 34.699 | 34.699
07 SoftMax 0.026 0.026 0.026
Total 115.521| 84.853 | 75.794
3 7.VGG16 & #eolol i As W3k (F9] fms)
dlo]of Case 1 | Case 2 | Case 3
01| Convolution 19.671 14.805 8.132
02| Convolution | 130.160 | 100.816 | 97.216
03| Convolution 53.261 33.163 32.688
04| Convolution 84.458 49.151 49.151
05| Convolution 35.753 19.925 | 19.925
06| Convolution 59.937 | 32.874 | 32.874
07| Convolution 61.286 | 33.748 | 33.748
08| Convolution 37.561 18.982 | 17.137
09| Convolution 66.332 | 37.353 | 31.502
10| Convolution 66.150 | 37.890 | 31.737
11| Convolution 19.445 11.424 11.424
12| Convolution 19.373 11.438 11.438
13| Convolution 19.320 11.586 11.586
14|FullyConnected| 77.340 | 71.736 | 71.736
15 SoftMax 0.026 0.026 0.026
Total 750.080 | 484.924 | 460.326
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